ISSN (Online) : 2319 - 8753
ISSN (Print) : 2347 - 6710

International Journal of Innovative Research in Science, Engineering and Technology
Volume 3, Special Issue 3, March 2014

2014 International Conference on Innovations in Engineering and Technology (ICIET’14)
On 21st&22ndMarch, Organized by
K.L.N. College of Engineering, Madurai, Tamil Nadu, India

A Hybrid Pre-Processing Techniques for Artifacts
Removal to Improve the Performance of
Electroencephalogram (EEG) Features Extraction
B.Sabarigiri, Dr.D.Suganyadevi
Research Scholar of Computer Science, Sree Saraswathi Thyagaraja College, Pollachi, India
Director of Computer Sciences, Sree Saraswathi Thyagaraja College, Pollachi, India
ABSTRACT— Electroencephalogram (EEG) blend reflects
the summation of the synchronous activity of thousands or
millions of neurons that have parallel spatial direction. EEG
Signals are extracted from Human Brain. While Extracting
an EEG Signals, large amount of data with diverse
categories will be collected from the human skull. To
investigate and categorize the valuable information from the
EEG recordings, computerized methods are required,
because removing any of the components would remove too
much of useful EEG signal in sequence. EEG Recordings
generally not just contains electrical signals from mind,
which is polluted with various artifacts. It is the
combinations of unwanted mechanisms like Power Line
Noise, Electrocardiogram (ECG), Electrooculogram (EOG)
and Electromyogram (EMG). Signals in the EEG that are of
non-cerebral origin are called artifacts. So, before analyzing
the brain signals they need to be preprocessed. The focus of
this paper is proposing the development of an integrated
artifacts removal technique that can automatically discover
and remove the artifacts in order to smooth the progress of
EEG Assessment, and the hybrid pre-processing techniques
is based on the joint venture of Adaptive Filtering, Wavelet
Denoising and Independent Component Analysis (ICA) in
order to improve the feature extraction performance of the
EEG Signals. This paper converse the comparison with
existing techniques, and discuss the advantages of the
proposed hybrid pre-processing Technique.

M.R. Thansekhar and N. Balaji (Eds.): ICIET’14

KEYWORDS: Electroencephalogram (EEG), Artifacts
Removal, Hybrid Pre-Processing Technique, EEG Feature
Extraction.

1

Introduction

EEG measures electrical energy fluctuations resulting from
ionic current flows within the neurons of the brain through
h various electrodes placed on the scalp. Multiple channels
and set of surface electrodes will be used for this EEG
signal extraction. Brain patterns forms unusual wave shapes
that are generally precise by 0.5 to 100 μV in amplitude.
The frequency of brainwave in EEG is about 0-80Hz and
commonly it can be divided into four types in terms of
occurrence bands, which are delta (0-4 Hz), theta (4-8 Hz),
alpha (8-13 Hz), and beta (13-20 Hz). Typically EEG is 100
times inferior to Electrocardiogram (ECG) signals, for the
reason that of the low amplitude and the poor Signal to
Noise Ratio (SNR), the EEG is awfully contaminated by the
artifacts. Eye movement, Muscular activity, Eye-blinks and
Jaw clenching are foundation of artifacts in the EEG signal.
Since artifacts are spread several channels.
Power Line Artifacts (Above 50Hz) line noise, broken
wire contacts and artifacts dwelling in very low frequencies
and Electrode Impedances.
Electrooculogram (EOG) Artifacts (dc-100Hz, 10μV5mV) The occasion of electrical artifacts generated by eye
movements, open and closing of eyes, blink infectivity
produce a signal known as Electrooculogram (EOG).
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Electrocardiogram (ECG or EKG) Artifacts (0.05Hz-100
kHz, 1-10mV) Physiological signals, such as the heartbeats
are usual artifact will always be present in brain signals.
Electromyogram (EMG) Artifacts (500 Hz-10 kHz) The
EMG, a high frequency component is due to the random
contraction of muscles, while the sudden transients are due
to impulsive movement of the body. This is Called
Electromyogram (EMG). This well known problem that
appears in the recorded EEG as intrusion causes cruel
problems in EEG illumination and assessment.
Artifacts are increasing the complexity in analyzing the
EEG and to obtaining right information. When concerning
the EOG, EMG affects a large frequency band and their
spectrum may vary over time. To remove the EOG, EKG,
and EMG from the EEG signals, it is necessary to order the
artifacts and brain waves without changing importance in
terms of EEG activity. After removing the artifacts, the EEG
signals will be used for features extraction. The preferred
features supply a mixture of simple statistics and intricate
characteristics which are associated to the nature of the
physiological signals and the primary classification
Problems. So, that it is important to design specific filters to
decrease such artifacts in EEG records.
This paper is organized as follows. The various EEG
Artifacts removal Techniques and its discussions are
reviewed in Section 2; Section 3 gives the hybrid preprocessing techniques and its performance analysis. Finally,
in the section 5, Experimental results and findings with
conclusions are presented.

II. RELATED WORK
The artifacts were reduced by using rejection filters and
independent component analysis (ICA) [1] bearing in mind
the rejection filters can be applied for the biomedical signals
which are tainted by infrequent, short-duration artifacts.
Horizontal EOG (HEOG), vertical EOG (VEOG), and EMG
signals as three reference digital filter inputs, The real-time
artifact removal is implemented by multi-channel least mean
square algorithm were Proposed [7]. The adaptive
interference cancellation is a very efficient method to solve
the problem when signals and interferences have
overlapping spectra. External electroencephalogram records
were used in [3]. By implementing a recursive algorithm
with adaptive filtering method described in a paper is fast
enough for real-time processing [9], the adaptive filtering
method is proposed to remove EOG; EMG artifacts signals
from EEG signals [6], but high correlated signals would not
identified by adaptive filters. ICA has been shown to be
very well-organized for the purpose of artifact removal [2].
De-noising the EEG signal from biological/electrode and/or
power-line artifacts using independent component analysis
(ICA) was proposed [14]. A model of the topographic maps
associated to the ICA eye blink component and a distance
quantifying the resemblances to the model are defined [13],
M.R. Thansekhar and N. Balaji (Eds.): ICIET’14

discrete wavelet Transform (DWT) or independent
component analysis (ICA) was proposed [17], Four
independent component analysis (ICA) algorithms
(AMUSE, SOBI, INFOMAX, AND JADE) to separate
myogenic activity from EEG during sleep, were used to
determine the optimal method. [18], ICA and its 15
algorithms were compared to each other the various results
were proposed [19]. Performance of PCA and ICA a
comparative study of the performances of these methods
using two measures, namely the mean square error (MSE)
and the computational time of each algorithm Proposed in
(Eleni kroupi et al). The comparisons of ICA algorithms
JADE,
COM2,
SOBI,
SOBIROB,(EXTENDED)
INFOMAX, PICA, two different implementations of
FASTICA, ERICA, SIMBEC, FOBIUMJAD, TFBSS,
ICAR3, FOOBI1 and 4- CANDHAPC are briefly described
in [20].
There are countless techniques were discussed by
several Bio signal Researchers. The most of the proposed
methods had a limited success rate. Some methods took
more time to carry out the required computation work and
others were very multifarious for practical applications.
From the detailed survey gives the following conclusions.
The range of artifacts is normally unidentified; therefore,
applying Basic filters would not eliminate the artifacts of
EEG Signals. So, the Adaptive Filtering was used for EEG
artifacts Removal.
The objective of an adaptive filter is to change (adapt)
the coefficients of the linear filter, and hence its frequency
retort, to generate a signal similar to the noise present in the
signal to be clean. The adaptive process involves
minimization of a cost function, which is used to conclude
the filter coefficients. By and large, the adaptive filter
adjusts its coefficients to diminish the squared error between
its output and a primary signal. In stationary conditions, the
filter should congregate to the Wiener solution. On the other
hand, in non- stationary status, the coefficients will modify
with time, according to the signal deviation, thus converging
to an optimum filter. But, when concerning EOG and EMG
measurements to design the adaptive filter, while those
measurements are in general strongly correlated with
artifacts. EEG and EOG have similar frequency components
and cannot be eliminated by adaptive methods.
The Wavelet Transform of the EEG records, Transients
features are completely captured and localized in both time
and frequency context. However, unlike Fourier transforms,
wavelets are able to functionally localize a signal in both
time and frequency space, thus allowing transformed data to
be concurrently analyzed in both domains (frequency and
time). The wavelet transform of the noisy signal generates
the wavelet coefficients which denote the correlation
coefficients between the noisy EEG and the wavelet
function. Depending on the choice of mother wavelet
function (which may resemble the noise component), larger
coefficients will be generated corresponding to the noise
affected zones. Ironically smaller coefficients will be
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generated in the areas corresponding to the actual EEG. The
larger coefficients will now be an estimate of noise. Suitable
threshold limit is to be found which separates the noise
coefficients and the signal coefficients. A proper
Thresholding function is to be chosen to discard the noise
coefficients suitably. Thresholding functions decide upon
which coefficients should be retained and what should be
done to them. Hence discarded coefficients would result in
the removal of noise, and the retained coefficients represent
the wavelet coefficients of the de-noised EEG signal. On
taking the inverse wavelet transform, the de-noised signal is
obtained. Hence the selection of threshold and Thresholding
function plays a crucial role in EEG Denoising. Wavelet
based adaptive Thresholding algorithm only to identify
ocular artifact zones, which avoids the removal of
background EEG information [12]. Wavelet based
Denoising used to extract the low frequency component in
order to eliminate the High frequency component of the
appropriate signal. The purpose of conservative filtering is
to process raw EEG data x (t). The selected details are
cleaned by artifact components and reconstructed using
Wavelet Reconstruction.
The wavelet expansion of a signal x (t) has the
following expression:

x(t )   c jok jok (t )    d jk jk (t )
j  j0

k

k

(1)
There are two terms: The first one is the
―approximation‖ and the second one represents the
―details‖, djk are the details co efficient and are defined by
the equation:

d jk   x(t ) *jk (t )dt
(2)
The wavelet function is defined as fellows.
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The approximation coefficients are:

c jk   x(t ) *jk (t )dt
(4)
The scaling functions are as follows.
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(5)
The details and the approximations are defined using
Dj(t) and Aj(t) and the final reconstruction of the original
signal can be computed by the details and the
approximation, as described by the following equation, for
fixed N.
S(t)=An(t)+D1(t)+D2(t)+D3(t)+….+DN(t)
(6)
The Wavelet Transform can be used in order to perform
artifact removal. Its application is based on the spectral
separation between the original signal and the artifact a
good removal is possible only if the artifact spectral content
is well localized (compactly supported). Thus, by the
wavelet decomposition, it is possible to remove the artifact
by means of the denoising procedure applied to the single
wavelet details D1(t),D2(t),D3(t),…..,DN(t). If suppose
multichannel recordings the artifact removal must be
performed separately, channel by channel, by applying the
same algorithm for each channel recording.
ICA was formerly proposed, to recover the independent
the source multi channel signals,
s= {s1 (t)…..sN (t), (e.g. ECG, EMG and EKG)
(7)
After they have been varied by an unknown matrix.
Nothing is to be known about the sources or mixing process
except that there are N different recorded mixtures,
x={x1(t)….xN (t). The task is to recover a version U=WX
of original sources S, Identical for scaling and permutation,
by finding a square matrix, W, specifying spatial filters that
invert the mixing process linearly. This algorithm is
extremely effectual at the stage source separation in
domains where a) the mixing medium is linear and spread
delays are insignificant. b) The number of sources is the
same as the number of sensors. c) The time course of source
is free. In case of EEG signals, the multi-channel EEG
recordings are mixtures of underlying brain and artifacts
signals. EEG and EOG have similar frequency components
and cannot be eliminated by any other methods. So, Fast
ICA is employed to separate the overlapped signals from
which the dominating component of the EEG is extracted
[12].

3

Methodology

3.1 Artifacts Avoidance: Managing artifacts is to avoid
their occasion by issuing suitable directives to users.
Instructing individuals to steer clear of generating artifacts
during data collection has the benefit that it desires less
computational demand among the artifacts handling

methods, since it is assumed that no relic is present in the
M.R. Thansekhar and N. Balaji (Eds.): ICIET’14
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signal. But it has a number of drawbacks.
The data were
collected using EEG Emotiv Epoc Device, Which are
Multichannel EEG recordings collected simultaneously by
14 Channel sensors placed on scalp.

3.3 AWICA Method: The basic adaptive noise canceller
scheme is have the primary signal is called ―corrupted
signal‖ and the secondary is called ―reference signal‖. In
this scheme, it is assumed that the corrupted signal d (n) is
composed of the desired s (n) and noise n0 (n), which is
additive and not correlated with s (n). Likewise, the
reference x (n) is uncorrelated with s (n) and correlated with
n0 (n). The reference x (n) feeds the filter to produce an
output y (n) that is a close estimate of n0(n) [5]. The input
d1 (n) in the first stage is the EEG corrupted with artifacts
(EEG + line-frequency + ECG + EOG). The reference x1(n)
in the first stage is a sine function generated with 50 or 60
Hz, depending on the line type.
Tests were carried out to determine the optimum values
of L and μ. The order L of H1 (z), H2 (z) and H3 (z) was
128 and the coefficient convergence rates μ1, μ2 and μ 3
were 0.001. The output of H1 (z) is y1 (n), which is an
estimation of the line artifact present in the EEG. This signal

Fig 1. Example of a real EEG recording mixed with ECG, EMG and
Corrupted with line interference.

3.2 Cancelation of Artifacts: The proposed algorithm
encompasses by the properties of the Adaptive Filtering,
Wavelet Transform and ICA methods. The main steps of
hybrid Pre-processing AWICA approach are the following.
Step 1: The Extracted EEG data were processed by
Adaptive Filtering to remove Power Line Interference,
broken wire contacts and Electrode Impedance (50Hz and
above).
Step 2: To apply Wavelet Transform algorithm to 14
channels of the multichannel recordings separately. Finally,
set of signals with different frequencies were obtained.
Step 3: The base line was removed using wavelet
decomposition, and the signal was denoised by wavelets.
Step 3: To identify and select the highly correlated artifact
components and produce the new data set.
Step 4: To transfer the constructed data set to Independent
Component Analysis (ICA) Block.
Step 5: To make the signal to be uncorrelated and apply the
whitening in order reduces the dimensionality and to light
the computational charge.
Step 6: To estimate the independent components and remove
ones related to the artifacts.
Step 7: According to the sources ICA would split and
cleaned the signals. The correlated EOG, ECG and EMG
signals should be classified which will be eliminated using
FASTICA.
Step 8: Finally, to perform the wavelet reconstruction by (7)
using the non selected details and cleaned details after ICA
step, finally, we obtain the multichannel recordings in which
the artifacts are removed.
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y1 (n) is subtracted from the corrupted d1 (n) to produce the
error e1 (n), which is the EEG without line-interference.
There is filter implemented at 50Hz to remove line noise
and electrode impedance, which is adaptive in nature, in
order to remove noise occurring at 50Hz and more than
above.
Before eliminating the artifacts brain signals should be
divided according to the frequencies. Then the wavelet
decomposition performed at affixed level for each channel.
Details that concern the spectral range in which the artifact
is localized are selected. Wavelets are not only used as a
denoising or filtering tool, but the wavelet decomposition
projects each raw data into a n-dimensional orthogonal basis
(consisting of the scaling function and the wavelet
functions) where n-1 is the number of levels of the
decomposition, while the redundancy is increased and the
ICA performance is improved, therefore the decomposition
is an integral part in the separation process.
Next ICA methods minimize a measure of statistical
independence of new data set by the minima calculation of
an objective function. To a good approximation, by a finite
set of sources, located within the brain, each of those
sources generates certain components of the EEG. Besides
EEG, incorporates EOG and EMG signals in to the analysis.
In the context of artifacts are generated by a subset of the
extracted sources, one removes those sources, and next
reconstructs the EEG from the remaining ―clean‖ sources.
So, Fast ICA is employed to separate the overlapped signals
from which the dominating component of the EEG is
extracted.
The AWICA method built-in to EEG extraction is
depicted: the first stage is an adaptive Filtering. discrete
wavelet decomposition, the number of levels was set at n
and the wavelet decomposition-reconstruction were
performed by biorthogonal wavelets, because the wavelet
2090
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functions belonging to this family have a shape which is
close to the EEG shape. Once the raw data have been so
projected into the n-dimensional space, the wavelet
components (Approximations and details) related to EEG
are selected by visual inspection and a new dataset x is built
with them. The new dataset was processed by ICA, in
particular by the FASTICA (Maximization of nonGaussianity as a measure of statistical independence)
algorithm and the independent components (ICs) have the
following expression:
y = Wx
Where W is the demixing matrix computed according to
the FASTICA; once the ICs are extracted, the IC accounting
for EEG is selected. In the next section we summarize the
results yielded by AWICA method and we also show a
comparison with another method which proved to be
efficacious and which is based on ICA, wavelet baseline
removal and wavelet Denoising.
The hybrid preprocessing technique (AWICA method)
is specifically proposed for the electroencephalographic
(EEG) signals. This method merges the advantages of
Adaptive filtering, wavelet decomposition and independent
component analysis (ICA).

Fig 3: Mean Square Error Vs Signal to Noise Ratio (MSE Vs SNR) for
AWICA with other four ICA Preprocessing Methods

The popular way of frequency analysis is power spectral
analysis via Transformation, which is widely used for the
standard quantitative analysis of the spectral decomposition
of EEG signals. The fig 4 shows that Power Spectrum for
AWICA.

IV.RESULTS AND FINDINGS
The below fig 2 results is shows that MSE Vs SNR for
SOBI, JADE, FASTICA and Infomax of ICA Algorithms
with the proposed hybrid pre-processing AWICA
Technique. More Precisely, SOBI, COM2, JADE, and
ICAR provide a smaller amount of calculation in
comparison to FASTICA and INFOMAX. Regarding
performance, COM2, JADE, and FASTICA lead to best
results. So, The proposed hybrid Pre-processing Technique
compared with FASTICA.

Fig 4: Power Spectrum for AWICA

V. CONCLUSION

Fig 2: Reference EEG, EEG with Artifacts, Artifacts Removed EEG
using FASTICA,
Artifacts Removed EEG using AWICA Method.
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The AWICA method was proposed for the first time for an
application on electroencephalogram (EEG) signals. This
method merges the advantages of Adaptive Filtering,
wavelet decomposition and independent component
analysis. Wavelets the proposed algorithm combines the
valuable ICA knack of sorting out artifacts from brain
waves, mutually among the online interference (50Hz)
termination achieved by adaptive filtering. While Recording
the EEG Signals, there is no leeway to stop our heart, even
in the case of EOG and EMG activities, it is not easy to
organize eye and other progress activities during the data
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recording in our body. And the amount of ocular and force
activity during the online operation does not exist, and
power line interference is also manifest. Finally collecting
possible amount of data mining will be less due to artifacts
presents in the EEG signal, particularly in cases where a
consumer has a neurological disability. So, the hybrid preprocessing technique may be fruitful in the removal of
artifacts. The removal of some artifacts is very hard because
they are superimposed on the recordings and they corrupt
biomedical signals also in regularity domain. This AWICA
method improves the quality of separation and artifacts
removal. We conclude that the performances of AWICA
Method are better than ones obtained by Adaptive Filtering,
the Wavelet Transform and ICA methods. So, the combined
use of these techniques was working well in the artifacts
cancellation to a wider set of corrupted recordings.

REFERENCES
1. Mc Names J, Thong T, and Aboy M,. ―Impulse rejection filters for
artifact removal in spectral analysis of biomedical signals‖ IEEE Annual
International Conference on EBMC, 1, Sep 1-5, pp, 145-148, 2004.
2. Jung T, 2000. ―Removing Electroencephalographic Artifacts by Blind
Source Separation‖, Psychophysiology, 37(2), pp, 163-178, 2000.
3. Mejia-García J H, Martínez-de-Juan J L, Sáiz J L, García-Casado J and
Ponce J 2003 Adaptive Cancellation of the ECG Interference in External
Electroenterogram Proc. 25th Annual Int. Conf. IEEE/EMB (Cancun
Mexico 2003).
4. Soria E, Martínez M, Calpe J, Guerrero J F and Serrano A J A new
recursive algorithm for extracting the fetal ECG. Revista Brasileira de
Engenharia Biomédica 135-139. 1999
5. Tompkins W J Biomedical digital Signal Processing (New Jersey,
Prentice Hall). 1993
6. Cortés S, Jané R, Torres A, Fiz J A and Morera J 2006 Detection and
Adaptive cancellation of Heart Sound Interference in Tracheal Sounds
Proc. 28th Annual Int. Conf. IEEE/EMB (New York City USA 2006).
7. Saeid Mehrkanoon, Mahmoud Moghavvemi, Hossein Fariborzi, ―Real
time ocular and facial muscle artifacts removal from EEG signals using
LMS adaptive algorithm‖, International Conference on Intelligent and
Advanced Systems, IEEE 2007.
8. P. Senthil Kumar, R. Arumuganathan, K. Sivakumar, C. Vimal,
―Removal of Artifacts from EEG Signals using Adaptive Filter through
Wavelet Transform‖, ICSP2008 Proceedings, IEEE, 2008

M.R. Thansekhar and N. Balaji (Eds.): ICIET’14

9. P. He G. Wilson C. Russell, ―Removal of ocular artifacts from electroencephalogram by adaptive filtering‖, Medical & Biological Engineering &
Computing, Vol. 42 PP 407-412, 2004.
10. Hwa-Shan Huang, Nikhil R. Pal, Li-Wei Ko, Chin-Teng Lin,
―Automatic Identification of Useful Independent Components with a View
to Removing Artifacts from EEG Signal‖, Proceedings of International
Joint Conference on Neural Networks, Atlanta, Georgia, USA, June 1419,IEEE, 2009.
11. Jimy Pesin, ―Detection and Removal of Eyeblink Artifacts from EEG
using Wavelet Analysis and Independent Component Analysis‖, Master of
Science in Electrical Engineering Thesis, 2007.
12. G.Geetha, Dr.S.N.Geethalakshmi, ―Scrutinizing different techniques for
artifact removal from EEG signals‖, International Journal of Engineering
Science and Technology (IJEST), ISSN: 0975-5462 Vol. 3 No. 2011.
13. S. Delsanto, F. Lamberti, B. Montrucchio, ―Automatic Ocular Artifact
Rejection based on Independent Component Analysis and Eye blink
Detection ―Proceedings of the 1st International IEEE EMBS Conference on
Neural Engineering Capri Island, Italy March 20-22, 2003.
14. Pavan Ramkumar, ―EEG Signal Acquisition, De-Noising and
Classification for Brain Computer Interfaces‖, IEEE 2003.
15. S. Delsanto, F. Lamberti, B. Montrucchio, ―Automatic Ocular Artifact
Rejection based on Independent Component Analysis and Eye blink
Detection‖, Proceedings of the 1st International IEEE EMBS Conference
on Neural Engineering Capri Island, Italy March 20-22, 2003.
16. A. Kachenoura, H. Gauvrit, L. S enhadj i, ‖Extraction and separation of
eyes movements and the muscular tonus from a restricted number of
electrodes using the Independent Component Analysis’, Proceedings of the
25th Annual Intemational Conference of the IEEE EMBS Cancun, Mexico
September 17-21,2003.
17. B. Azzerboni, M. Carpentien, E La Foresta and E C. Morabito ―NeuralICA and Wavelet Transform for Artifacts Removal in surface EMG‖, 2004
IEEE.
18. MaiteCrespo-Garcia, Mercedes Atienza, And Jose L, ―Muscle Artifact
Removal from Human Sleep EEG by Using Independent Component
Analysis‖, CANTERO, Annals of Biomedical Engineering, Vol. 36, No. 3,
March pp. 467–475, 2008
19. Amar kachenoura, laurent albera, lotfi senhadji, and pierre comon, ―ica:
a potential tool for BCI systems‖, ieee signal processing magazine january
2008.
20. Eleni kroupi, ashkan yazdani, jean-marc vesin, touradj ebrahimi,
―Ocular artifact removal from EEG: a comparison of subspace projection
and adaptive filtering methods‖, 19th european signal processing
conference barcelona, spain, august 29 - september 2, EURASIP 2011.
21. L. Albera, a. Kachenoura, p. Comon, a. Karfoul, f. Wendling, Senhadji,
and i. Merlet, ―ICA-based EEG denoising: a comparative analysis of fifteen
methods‖ bulletin of the polish academy of sciences technical
sciences, data mining in bioengineering, vol. 60, no. 3, 2012.

2092

