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INTRODUCTION

Most often, existing discrete distributions sometimes fail to fit count data well due to various reasons such variations
within the data, the shape of the distribution and assumptions related to these distributions 1. As a result, experiencing poor fit
of existing discrete models in analysis of count data is a major concern in fields such as medicine, transport, engineering and
agriculture. Therefore, researchers are strivingto come up with new discrete distributions which could provide a better fit to the
observed count data when compared to other existing models. For that reason, we propose the new distribution namely the
Generalized Negative Binomial-Shanker (GNB-SH) distribution which is obtained by compounding the distribution of GNB

(m,p,B), where p= exp(-A\)with distribution of SH(8). The expectation is that GNB-SH distribution should provide a better fit to
observed count
data when compared to other competing distributions such as the traditional NB distribution.

Various researchers used the concept of mixing distributions to explore new flexible distributions that performs better than
standard well known models. In many cases, mixed Poisson and Negative Binomial (NB) distributions usually provide better fit
when compared to other existing distributions. When the data is over-dispersed, stands out to be the best the when compared
to Poisson due to its assumptions flexibility. Based on this strategy of mixing distributions, various researchers were able to
explore new flexible distributions.

Looking at previous researches, 2 mixed NB and Lindely distribution which have been extended and applied in many
count data analysis 36l Saengthong et al. obtained a mixture of NB and Crack distribution which contains three special cases
namely Negative Binomial-Inverse Gaussian (NB-IG), Negative Binomial-Birnbaum-Saunders (NB-BS) and Negative Binomial-
Length Biased Inverse Gaussian (NB-LBIG) [l. These results were extended to make obtain a distribution suitable for zero
inflated count data 8l

Gerstenkorn compounded the Generalized Negative Binomial (GNB) distribution and the Generalized Beta (GB) distribution
which was later modified by Rashid et al. to study zero truncated count data .10, Rashid et al. studied a mixture of Generalized
Negative Binomial with Generalized Exponential (GNB-GE) distribution which entailed a mixture of Negative Binomial with
Generalized Exponential (NB-GE) 1112l For its appealing performance, a zero inflation parameter was added to NB-GE
distribution to make it more suitable for count data with excess number of zeros 1131,

In mixtures related to Poisson distribution 141 introduced a mixture of one parameter Lindely distribution 51 with Poisson
distribution. Some extensions and modification related to this formulation can be found [16-20], Other Poisson mixtures include
the Poisson-Shanker mixture [, the Poisson- Amarenda mixture 21l and the Poisson- Sujatha mixture [22-25],

In this work, we present the concept of compounding distributions and the distributions involved in formulating GNB-SH
distribution in Section 2. This section ends with mixing GNB distribution and Shanker distribution and provides its special cases.
Section 3 entails mathematical properties related to this distribution including that of special cases. Section 4 deals with
parameter estimation of NB-SH and GNB-SH using maximum likelihood. Section 5 presents the conclusion of this paper that
includes our future plans.
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MATERIALS AND METHODS
Generalized Negative-Binomial Distribution

A discrete random variable X is said to be a Generalized Negative-Binomial (GNB) distribution if its pmf is given as:

fxm p( T, ,B)z m EI|]m+BX |:||:|px (1—p)m+ -Bx x
(1)
m+pxO0 x O
forx=0,1, 2, 3,...... , and zero otherwise, where
0 <p<1m>0, pBp<1, 21 (a)

0<<61mNe,p=0
(b)

When B = 0 & mEN, the pmf of equation (1) reduces to Binomial distribution and when B = 1, equation (1) reduces to the
pmf of NB distribution which its mean and factorial moment respectively are given as:

m(1-p) r(mr+)(1-p)
E X( )= —  andp(x)= —
(2)p r(mp)

where T(.) is the Gamma function, see 2325, In GNB distribution, the parameters m, pand B are constants but here it is as-
sumed that where A is a random variable following the Shanker distribution.
Shanker distribution

As an extension of Lindely distribution 15! Shanker (SH) distribution was proposed by Shanker 261 who also provided its

mathematical properties. This distribution is a mixture of Exponential distribution with scale parameter 8 and a Gamma

distribution with shape parameter 2 and scale parameter 6. This distribution has shown a better fit when it was compared with
Exponential and Lindely distribution in modelling of lifetime data. The density function of this distribution is given as:

02 (3)
-o
g(Ae;)= 2(0 A+ e
0 +1
for A > 0 and zero otherwise, where 6 > 0. lts moment generating function (mgf) is given as:
a
-2 (4) "ot OO
tad t
Mi(t)=01-,001- 0,<106 H
+1006 60

Compound Distribution

According to the definitions provided by Gurland 271, Compounding of distributions occurs when all or some parameters of
a certain distribution (Parent probability distribution) is treated as a random variable of another probability distribution called
Compounding distribution. In compounding, the support of the Parent distribution determines the support of the compound
distribution [27.28] |f the parent distribution is discrete (continuous), then the compound distribution will become discrete
(continuous).
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Compounding played an important role in revival of NB distribution which is a compound of Poisson distribution with its
parameter A treated as a Gamma variable. Considering the case of one discrete variable, the definitions and relations provided
by Gurland 271to compound a distribution are as follows:

Let X be a discrete random variable with fX( |)\)where parameter A is a random variable with probability density function
g(A), then a compound distribution h(x) is defined as:

oo

hx() [ £x(han)g()a (5)

Compounding of Generalized Negative-Binomial distribution with the Shanker Distribution

Definition: Let X be a random variable of a GNB-SH(m, 3, 8) distribution denoted by X GNB SHI -(m,8,) when X has a

GNB distribution with parameters m, Band p = e-*where A is distributed as SH with parameter 6>0, i.e )& A~ GNB m( B.pe= J\)
and ASH (8).
Theorem: Let X 1 GNB-SH m( [39) , then the pmf of X is given as:

—2m Om+Bx0Om™ #Om+Bx
x-—0 «06(xk+ )OO (xk+)O (6)

hxm(;B6,)=m+pxa0 x 0O0), 0 k 00O(-1) 001+ 6.+1 00001+ 600
k=00

for x =0,1,2,3,...., and zero otherwise, where

0 <p<1m>0, pB B O<1 >21,>0 (a)

0<<B61mNe BB=0,>0 (b)

Proof: If X GNB SH m~ —( ,B,G) defined in equation (1) and AJSH (8)defined in equation (3), then using equation (5),
the pmf of X can be obtained by:

- (7)
hx() [ tx(AAeA)g( ;)

Substituting p €= n equation (1) we have fx( |}\) being defined as

fX( )l)= m DDm+BXDD(e—)\)x(l—e—)\)m+ —Bxx

m+Bx Ox O

using binomial expansion we obtain

| km Om+BxO™ B*Om+Bx-x0  -aGxk+)

®fx(A\)= o0 o) 0 0(-1) em+px0  x Do O
k O

By substituting equation (3)and equation (8) into equation (7) we obtain

Res Rev | Statistics Math Sci | Volume 4 | Issue 2 | July, 2018 3



Research & Reviews: Journal of Statistics and Mathematical Sciences

m  Om+Bx0™ POm+Bxx- O K Axks ) B2 - (9)

hx() = 0o, okoo(-1) foe®

m  Om+Bx0™ PoOm+Bxx-0

2+1(0 A+ )e dA m+Px0Ox Ok=o O

:hx() =

m+Bx00 X EIDZk:oEID k []D(—l) MxOO-(x k+ )OO

Substituting the moment generating function of SH distribution in equation (4) into equation (9) the pmf of GNB SH m—(
,[3,6) the distribution is finally given as

hx m( ;B8, )=m OOm+Bxa0" - >.Pxa0m-+Bkx x- 000(-1),0001+06(x ko ++1 )0000001+ (x kB+ )OO

m+Bx0 x  Ok=00O

Next we provide the special cases of GNB-SH and their probability mass functions. Note that these special cases can
simply be proven by substituting in the assumed values provided for each case.

Corollary: If p = 1, then the GNB-SH pmf in equation (6) reduces to a mixture of NB and Shanker distribution denoted as X
NB SH m_ —( ,0)with pmf

hxm(; ,0)=00m x+ -100),»0 OO0 Okm (-1) 0001+06(x

k++1)000000  (xk6+ )OO
(10) 1+

d X Ok=00 O

Corollary: If B = 0 and m N€ , then the GNB-SH pmf in equation (6) reduces to a mixture of Binomial and Shanker
distribution denoted as X [ BI —=SH m( ,8)with pmf

hxm(; 8)=0 00 BE-fmx "*) =sBaam xk-00(-1)0001+60(x k. ++1
)ooooooi+ (x k6+)oo0- 11)0
THE PROPERTIES OF THE GNB-SH DISTRIBUTION

This deals with provision of Factorial moments of the distributions. The ordinary (crude) moments of the GNB-SH
distributions can be obtained by using the formula
I

mi =ZS Mki[k]

k=0

S
where ! stands for the Stirling numbers of the second kind 291, Therefore, only the factorial moments of the mixture of NB

and Shanker distribution will be considered.
I
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mi =ZS Mii[k]

k=0

S
where " stands for the Stirling numbers of the second kind 291, Therefore, only the factorial moments of the mixture of NB
and Shanker distribution will be considered.

Definition: If X [ NB-SH m( ,9),then the factorial moment polynomial

xr=xX( =1)(x=2),.....(x= +r1)
mr (x)= EAp )\EI|:|r|(x)EI|:|: EX( ")

is called the factorial moment of order r of a mixture of NB with Shanker distribution (NB-SH), where p A, &x)is the factorial
moment of NB distribution.

Theorem: The factorial moment of order r of NB-SH distribution is given by

Mm+r) . O0Or «08(r k)00 r-k0O-= |r—k|
m(x) = Y0o0o(-1) 01-.001-0,<1  @12)7(m) o0 Ok 06 +1 006 06

forr=1,2,3,...., where m, 6>0.

Proof: From the factorial moment of NB distribution in equation (2), if we let p e= “Mhen the factorial moment of order r of
NB-SH distribution is given as

mx( )=Ea00r(mr+ )(1--re-): 000 me) O

] |
Mmr+)

= (m exn%(e-1)

O00Ousing binomial expansion we

obtain

mxr ( ) Mm(m+) k=0 EIEI( A k_>)|j|:|

0ok
I'(mr+)rEI|]r k
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%

= o0 Ok (—1) M rk)\( _)

rm) oo
Substituting the moment generating function of SH distribution with t =r- k we get

[ +(mr) "0 Or06(r k—BOrk— OLmx( )=
YOOk (-1) O01-6; +1 00001-6 OO
rm) oo
From the factorial moments of NB-SH distribution in equation (12), for convenience we let
0°+100( - +1) 106-10266( - +3) 1
6= , W= ,p=0 O andt=

,0 (6-1) D6-20(8-3)
Then, the first four moments about zero are respectively given as

mez
E X( )= 2
(ws-) 6 +1
2 mm( +1)8
E x( )= 2(p w
5-2+)6+1
07 +(m3)
Ex( )= (- +-3p
w 83) (0 +11) (m) .
40T +(m4) oOed( - +41) oo
Ex( )=: 0 2~ +46Tpw p-4+10
(6 + r1) (m)on(e-4) i)

PARAMETER ESTIMATION

Definition: In this section, maximum likelihood is used to provide parameter estimates of GNB SH m—( ,B,G)distribution
and that of its special case of NB-SH distribution (m,0).
Estimation of GNB-SH distribution parameters using full likelihood function

Let X1,X2,X3,....,.Xn a random sample of size n from the GNB-SH distribution with observed values x1, x2, x3,...., xn. We find
the values of m, B and 8 that maximizes the likelihood function (joint pmf of the sample) of GNB-SH. Parameter estimates can
easily be obtained by maximizing the logarithm of the likelihood function with respect to m, B and 8 as the product is replaced
by the sums. Consider the likelihood function of GNB-SH distribution defined by

nOm  Om+BxiOns g0 «Om+Pxxi—O00 O(x ki+ )00 (xki+)0-.000
O

Lxm(;,po, )=[]ooo); o(-1)00x +01,001+ 000 = 00m+Bxi Oxi Okeo
DODkOO6 +1 00600000
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with corresponding log-likelihood function given as:

" O m O " O M(m+px +1) O
Log L x(;m,B,6)=)-1log0Om+Bxi00+ Y1 1ogd00 a + 1) (m+Bxxi— + 1)p00

n Ome B “Om+Px xi—i0068(x ki+ )00 (xi+k)O-0

+Y. YlogO(-1) gO01+.001+ 0 0= 0000k 006 +1 006 0
oo

Maximum likelihood estimators of m, B and 6 can be obtained by maximizing Log L (x; m, B, 8) with respecttom,  and 6

respectively. That is

n

dLogL xm( : £ o) Z(l ;W > : :

— + O

am i=1Qm m+Bxi|:|i+1 oy B(m+ Xi+ —1) Yy B(m+ X Xi— +i1)E|E|

O+ B k00(xki+ )OO  (xki+)O-2 @ Om+PBx xi+ 100

oy, (-1) o1+ ool + o —a0 oo

+Zi=n1 OOmk=+ -op«x062+1 000 O OmOk 000 O «Om+Pxxi+ i

006(x ki+ )00(x ki+ )0 O

00 o (-1) O k DO0O01+ 6:+1 00001+ 600 00
0

dlogLxm(;p6,) r"O-(x)O "

2 2

==0 g+=—0d
ap = Oma+Pxi g 0@ B(m+ xi+ -1) ¢ B(m+ xx - +1)00
O+ -pxix, -2 m+Bxx+ 0O

0), (-1)001+6(xka+ )0OO01+ (xki+ )OO0 6 OO «OOG,

6 +1006 0 apOk OO

Ok=0 a
+).0 20zt On+ -poc* Om+Bxxi + 1000 (xki+ )O0(xk+ )0 O O

Yo (-1) OOk OgOgl+ 6241 00001+ @ OO Og
O

Estimation of NB-SH distribution parameters using full likelihood function

Consider the log-likelihood function of NB-SH distribution defined by

0 0
" Omx+ —10 " m «0Om 06(xki+ )00 (x ki+ )0~
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LogL x m( ;,[39, )=21 logd )(iIZI[:|+Z Zm IogEIDDk:o(—l) 00 gk Ogl+ 6241 O0gpl+ 6 Og gOg
i= a
and the partial derivatives of this log-likehood with respect to m and © are given as

| 0
m «00(xki+ )00  (xki+ )02 00m

o). (-1) _
aLogL x m( ;,88,) =Y nW(mx+ i)=n my( )+ Y.nO0on 00T+ Bz +1 OOO01+ B 00 om kO 00 O- OO0

om i1 i1 DDZk:O(—l)k 0 00 Omk 0001+68(x kzi++1 )0000 + (x kO+ )OO oo
n| oo oo1 o o
Ur .0 om oo 6(xk+)oo (xki+ )0
IjE|(—1) oo 01+
"), k986 0oL+ uffn

dLogL x m(96;,88,) =).i+1 00000, kn-o{=1)Eh 0 OG-BEHmk 00010+66(x ki ++1+1)000000001+ (x
ki9+08)000-0. 00000

F’(k) [29,301Whel’el.|J(k) =
the digamma function . T(K)

The above derivative equations cannot be solved analytically, therefore we use Newton Raphson method which is a simple
and powerful technique for solving equations numerically. Therefore, parameter estimates will be obtained by maximizing the
loglikelihood function using a numerical iterative method.

CONCLUSION

This paper proposed a new distribution which was obtained by mixing GNB distribution with a shanker distribution. It was
found that NB-SH and Binomial-Shanker distributions are its special cases. Some mathematical properties which relates to its
special case was provided. Parameter estimation of GNB-SH and NB-SH using MLE. Finally, our future interest will be in
comparing the efficiency of this distribution with that of Poisson and NB distributions using real data sets.
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