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ABSTRACT: Paralysis after stroke or neurotrauma is among the leading causes of long term disability in adults. The
development of brain-computer-interface (BCI) systems that allow online classification of electric or metabolic brain
activity and their translation into control signals of external devices or computers have led to two major approaches in
tackling the problem of paralysis. While assistive BCI systems strive for continuous high-dimensional control of
robotic devices or functional electric stimulation (FES) of paralyzed muscles to substitute for lost motor functions in a
daily life environment (e.g. Velliste et al. 2008 [1], Hochberg et al. 2006 [2], Pfurtscheller et al. 2000 [3]), restorative
BCI systems aim at normalization of neurophysiologic activity that might facilitate motor recovery (e.g. Birbaumer
et al. 2007, 2009 [4,5]; Daly et al. 2008 [6]). In order to make assistive BCI systems work in daily life, high BCI
communication speed is necessary, an issue that by now can only be achieved by invasive recordings of brain
activity (e.g. via multi-unit arrays, MUA, or electrocorticogramm, EC0G). Restorative BCI systems, in
contrast, were  developed as training tools based on non-invasive methods such as electro- or
magnetoencephalography (EEG / MEG). More recently developed approaches use real-time functional
magnetic resonance imaging (rtfMRI) or near-infrared spectroscopy (NIRS). Here, we provide an overview of the
current state in the development and application of assistive and restorative BCI and introduce novel approaches to
improve BCI control with brain stimulation such as transcranial direct current stimulation (tDCS). The outlook of using
BCI in rehabilitation of stroke and neurotrauma is discussed.

. INTRODUCTION

Since the development of electroencephalographic measurements (EEG) in the early 20th century based on Hans
Berger’s discovery of electric brain oscillations [7], the idea of reading out thoughts from brain activity fired the
imagination of many scientists. Most recent advances in sensor technology and computational capacities led to the
development of brain- computer-interfaces (BCI). These systems allow direct translation of electric or metabolic
brain activity into control signals of external devices or computers. While BCI systems based on classification of action
potential spike trains recorded by single or multi-unit electrodes or local field potentials (LFP) recorded by
electrocorticography (ECoG) require implantation (invasive BCI) [1, 8-11], well established techniques such as
electroencephalography (EEG) and magnetoencephalography (MEG) allow non-invasive BCI control [12-16]. More
recent developments use near-infrared-spectroscopy (NIRS) or real-time functional magnetic resonance imaging
(rtfMRI) in BCI systems [17].

By creating an alternative efferent pathway of the brain, BCI were successfully used for communication [12,18] or
control of orthotic devices that would allow hemiplegic patients e.g. to grasp [19]. Stroke and neurotrauma belong
to the leading causes for long-term disability worldwide and the number of affected people increases every year due to
demographic change and increasing survival rates [20]. Up to 30% of all stroke victims experience very limited
motor recovery and depend on assistance to manage their daily living activities [21,22]. Enabling those patients to
regain the ability to move their paralyzed limbs, respectively improving their capacity for motor behavior, could
substantially improve their quality of life. While there are encouraging studies providing evidence that e.g.
constrained-induced therapy (CIT) or bilateral arm training might be useful strategies for rehabilitation of
stroke patients with paretic upper extremities [23,24], there is no accepted and efficient rehabilitation strategy for
severely affected stroke patients with completely paralyzed muscles, precisely those who can not participate in
common training-based rehabilitative treatments.
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I1. ASSISTIVE AND RESTORATIVE BCI IN NEUROREHABILITATION

Depending on the aim of BCI use in rehabilitation of paralysis, two major approaches can be distinguished: while
assistive BCI systems aim at high dimensional control of robotic limbs or functional electric stimulation (FES) that
specifically activate paralyzed muscles to substitute a lost motor function in daily life [1,2,25], restorative BCI aim at
selective induction of use- dependent neuroplasticity to facilitate motor recovery [26-29].

These two approaches derive from different research traditions and are not necessarily related to the invasiveness of the
approach: In early work of Eberhard Fetz (1969) a monkey learned, based on operant conditioning, to use cortical unit
activity to deflect a lever delivering reward [30]. Two decades later, decoding of different movement directions from
single neurons was achieved [31,32]. Since then the reconstruction of complex movements from neuronal activity
became possible. Firing patterns of single cells of the motor cortex [33] or parietal neuronal pools [34] in animals were
remarkably successful to reconstruct movement trajectories. Monkeys learned to control cursors towards moving
targets on a computer screen in a predetermined sequence by successively activating neurons in motor, premotor and
parietal motor areas. In a particularly successful preparation, 32 cells were sufficient to move an artificial arm and
perform skilful reaching movements after extensive training [1]. This technique enabled a monkey to feed himself.
The plasticity of the cortical circuits allowed learned control of movements directly from the cellular activity even
outside the primary or secondary homuncular representations of the motor cortex [9], a circumstance that supports
the assumption that operant conditioning is a key factor for learning BCI control irrespective the area of recording. In
an encouraging experiment Hochberg (2006) implanted densely packed microelectrode arrays of up to several hundred
microelectrodes in two quadriplegic human patients [2]. Within a few training sessions, the patients learned to use LFP
to move a computer cursor in several directions. This kind of BCI control with two degrees of freedom (DoF) could be
used e.g. to switch on lights, a TV or make a phone call. However, in contrast to the studies in healthy animals none of
the invasive procedures allowed restoration of skilful movement in paralyzed humans. It is not clear why so far the
human preparations have achieved only limited results in terms of application to activities of daily living. There are
a couple of major challenges that are unsolved so far, particularly stability, encapsulation and general safety issues [35-
37]. While the primary motor cortex (M1) has the most non- ambiguous influence on the motor neurons of the upper
limb, it is tightly connected with supplementary (SMA) and other non-primary motor areas [38] that are involved in the
integration of complex skilled movements [39,40]. Studies using retrograde transport tracers from the arm area of M1
in macaques showed, however, that up to 60% of all cortical projections to the spinal cord originate in pre-motor areas
[41]. This indicates that complex motor behavior might not be exclusively decodable from the primary motor cortex
and may in fact require multiple recording sites from various brain areas that integrate complex networks. In a very
encouraging recent study, though, sufficient information could be extracted from a 4 x 4 mm grid with 96 silicon-based
electrodes placed over M1 of a macaque to reconstruct 25 measured joint angles representing an estimated 10 DoF
[42]. This electrode system (BrainGate 1I®) is currently investigated in a pilot human clinical trial to address reliability
and safety [43].

Studies using the less invasive approach of epidural implanted ECoG electrode grids showed that a subject could learn
to control cursor movements with only a few minutes of training [44,45]. Besides a better topographical resolution and
recording bandwidth compared to non- invasive approaches [46,47], ECoG based BCI have a better signal-to-noise
ratio due to absence of electromyographic contaminations and other artifacts [48]. Recent work showed that prediction
of a monkey’s 3D hand trajectories and 7 DoF arm joint angles are possible with accuracy similar to recordings based
on single-cell-recordings [49]. The level of DoF that can be achieved with an ECoG-grid by decoding movement
associated LFP in patients with brain lesions is unclear, though, and matter of investigation.

Although not entirely impossible [50,51], extraction and online decoding of movement trajectories from non-invasively
recorded brain activity is difficult [52]. However, in contradiction to Skinner’s proposal that operant and
classical conditioning require involvement of the musculoskeletal system [53], voluntary control of brain oscillations
is possible, opening the door to utilize this circumstance for non-invasive BCI control. The average communication rate
achieved with non-invasive BCI technology in humans ranges between 5 - 25 bits per minute [54], i.e. up to 25 binary
(yes/no) choices can be correctly classified per minute.
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Patients that are otherwise incapable to communicate, i.e. locked-in-patients suffering from amyotrophic lateral
sclerosis (ALS), a disease characterized by a combined degradation of upper and lower motor neurons, can
significantly benefit from non-invasive BCI use [12,18,55,56]: patients are first trained to produce positive or negative
slow cortical potentials (SCP) upon the command of an auditory cue and after achieving more than 70% control,
letters or words were presented on a computer screen. A particular letter was selected by creating SCP after its
appearance [12,57-59]. Over forty patients with ALS at various stages of their disease were trained to use the SCP-
BCI, eventually seven of these patients arrived at the locked-in-state (LIS) and were able to continue to use the BCI.
All patients who began training after entering the complete locked-in-state (CLIS), however, were unable to achieve
lasting BCI control [60,61] — a finding that might be of relevance for the understanding of voluntary modulation of
brain activity and BCI control.

Besides SCP, sensori-motor rhythms (SMR) are among the most investigated electro- physiologic signals used for
non-invasive BCI control. The discovery of SMR dates back to the early 1950ies: the observation of a local and
frequency specific signal-amplitude reduction in the range of 8-13 Hz over the rolandic area during motor preparation
or execution became introduced as p-rhythm after a suggestion by Gastaut [62,63]. Based on location, frequency and
reactivity to sensory input or output, different components of the p-rhythm were postulated [3]. The discovery of
event-related desychronization (ERD) and synchronization (ERS) during motor-related activities [64] was the basis for
the development of SMR-based BCI. ERD/ERS offers quantification of stimulus-locked brain activity within the time-
frequency and spatial domain. It is assumed that ERD reflects extensive information processing within the sensory-
motor system [65], while ERS is associated with increased synchronous idling of sensory-motor neuron networks [66].
The accessibility by cognitive manipulation makes SMR an ideal candidate to drive a BCI system. Use of SMR
modulation for BCI control was extensively investigated by the Pfurtscheller group in Graz [3,13], the Wolpaw group
in Albany [67,68] and the Birbaumer group in Tiibingen [69]. In 2003, Pfurtscheller’s BCI-group introduced the first
SMR-based BCI that was used to enable a quadriplegic patient to control grasping through functional electrical
stimulation activated by motor imagery [3].

Another well-tested BCI controller is the P300-BCI based on event-related brain potentials (ERP) Donchin [70]. While
SCP- and SMR-control is learned through visual and auditory feedback often requiring up to ten training sessions
before reliable control is achieved, the P300-BCI needs no extensive training. Information rates of P300-BCI can
reach 20-25 bits per minute [71] but requires a very high attention level — a requirement often not met by
people with neurologic or psychiatric disorders.

Most recently also a BOLD-signal based rtfMRI-BCI has been introduced [72-75]. In 2003 Weiskopf & Birbaumer
et al. [72] proposed that the development of fMRI-BCls might be a powerful tool in the treatment of various
disorders and diseases. It was shown that intracortical activity is highly correlated with local blood flow change and
the BOLD signal [76] and that volitional regulation of BOLD activity in cortical and sub-cortical areas such as
amygdala, anterior cingulate, insula and parahippocampal gyrus was associated with changes of connectivity between
those areas [75]. DeCharms et al. [74] demonstrated that use of a real-time fMRI-BCI can affect pain perception.

In addition to the fMRI-BCI approach, near infrared spectroscopy (NIRS) is also a non- invasive technique based on
measuring metabolic changes of the brain. Using multiple pairs or channels of light sources and light detectors
operating at two or more discrete wavelengths at near infrared range (700-1000 nm) cerebral oxygenation and blood
flow of particular regions of the cortical surface can be determined. The degree of increase in regional cerebral blood
flow (rCBF) exceeds that of increase in regional cerebral oxygen metabolic rate (rCMRO2) resulting in a
decrease in deoxygenated hemoglobin in venous blood during higher oxygen demand. Therefore, an increase in total
hemoglobin and oxygenated hemoglobin with a decrease in deoxygenated hemoglobin can be measured in activated
active brain areas. The recent development of portable systems makes NIRS a promising tool in non-invasive BCI
research [17,28].

In contrast to this work aiming at assistive appliance of invasive and non-invasive BCI technology, the
development of restorative BCIl systems is tightly associated with the development and successes of
neurofeedback (NF) and its use to purposefully up-regulate or down-regulate brain activity — a quality that showed to
have some beneficial effect in the treatment of various neurological and psychiatric disorders associated with
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neurophysiologic abnormalities [77]. In NF subjects receive visual or auditory on-line feedback of their brain activity
and are asked to voluntarily modify e.g. a particular type of brainwave [77]. The feedback contains the information on
the degree of success in controlling the signal and delivers the reward for correct modification. NF was successfully
used in the treatment of epilepsy [79,80], ADHD [81-83] chronic pain syndrome [84] and complete paralysis after
stroke [3].

Stroke can be associated with extensive neuroplastic changes on the synaptic, neuronal and circuit level. Besides new
synapses strengthening and rewiring [85] as a consequence of long- term potentiation (LTP) or long-term depression
(LTD), dendritic sprouting, extensive peri- infarct reorganization and changes of activity patterns in remote
cortical regions [86] including interhemispheric inhibition [87-90] were described.

Various interventions that aim at modulation of neuroplasticity, such as reduction of somatosensory input from the
intact hand [91] or increase from the affected hand [92], neuropharmacologic strategies influencing dopaminergic or
adrenergic systems [93], mental training such as motor-imagery training [94-96] and non-invasive brain stimulation
[96-99] showed to have beneficial effects on motor function after stroke.

It was shown that the ability to desynchronize the affected hemisphere in the SMR-range during the acute and sub-
acute phase of stroke correlates with clinical motor outcome [100]. A finding that is consistent with fMRI studies
performed in stroke patients that suggested an association of increased activity in the ipsilesional primary motor cortex
and functional recovery while involvement of the contralesional motor cortex during movements of the affected hand
was associated with poor motor recovery [101,102].

Following these lines, a restorative BCI is based on two hypotheses: 1. By inducing CNS plasticity that produces more
normal activation (e.g. in terms of lateralization), normal motor function will be restored. 2. contingent sensory input
given as reward to a specific activation pattern in the motor system induces CNS plasticity that facilitates restoration of
normal motor control, potentially through rewiring and synaptic strengthening of weakened or previously inhibited
motor networks.

As an important step for further development of SMR-based assistive and restorative BCI systems, a study was
conducted by Buch et al. (2008) [19] to evaluate whether patients with chronic stroke would be able to learn to
modulate p-rhythm. Eight patients with chronic hand plegia resulting from stroke participated in 13 to 22 BCI training
sessions to learn voluntary control of their p-rhythm amplitude originating in the sensori-motor areas of the cortex.
Diagnostic MRIs revealed single, unilateral subcortical, cortical or mixed lesions in the participating patients. Patients
had no residual finger extension function. Before the actual training, the patients had to imagine several distinct
movements of the upper and lower extremity as well as the tongue. While doing this, the ipsilesional area with the
strongest oscillatory MEG response in the p-range was identified. Based on the area’s location, three MEG sensors
were selected for BCI control. During the training, p-desychronization was translated in cursor-movements on a screen.
After approximately 4 seconds of either up or down regulation, the affected hand was either opened or closed by a
hand-orthosis affixed to the participant’s paralyzed fingers. At the end of the training, SMR control was associated
with increased range and specificity of p-rhythm modulation as recorded from sensors overlying central ipsilesional (4
patients) or contralesional (2 patients) regions. However, two patients were unable to gain BCI control. One patient
started with high success rates of BCI control (approximately 85%) at the beginning of the training and did not improve
much further. This study demonstrated for the first time that most patients with chronic stroke, even with complete
hand paralysis, could learn to control SMR-based BCI-systems.

However, the applied BCI training was not associated with notable clinical improvement. Up to one hour of BCI
training per day for 2-3 weeks might be insufficient to induce relevant motor recovery in patients with chronic paralysis
after stroke. Other reasons might have been the limited translation of BCl-associated movements into daily-life
activities (“transfer package™) [103] and the delay of BCI-driven somato-sensory input, which resulted in low temporal
contingence of brain activation and sensory feedback. Larger clinical studies using BCI systems that couples highly
specific temporo-spatial brain activation patterns online with contingent sensory feedback might help to elucidate the
viability of SMR-based BCI systems for restoration of paralysis. Unpublished data by Buch et al. indicate that fronto-
parietal connectivity plays a key-role for successful SMR-based BCI learning after stroke [104].
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Most recently Broetz at al. (2010) [26] published a proof-of-principle study on the combination of BCI training
and goal-directed physical therapy in chronic stroke. A 67-year- old hemiplegic patient who suffered from a
subcortical bleeding received three blocks of BCI training coupled with goal-directed physical therapy over the course
of 12 months. Before the training he had no active finger movements, depended on assistance for personal hygiene and
dressing and used a wheelchair for all distances greater than half a mile. Each BCI training block consisted of daily
SMR-based BCI training over 30 days. For the first BCI training block a 275-sensor MEG was used translating
motor imagery associated SMR-modulation on the affected hemisphere into opening or closing of the paralyzed hand
[25]. The second and third training block was based on EEG-recordings. Goal-directed physical therapy was continued
throughout the 12 months. Arm motor function as well as gait (using Fugl-Meyer Assessment, FMA, Wolf Motor
Function Test, WMFT, and Ashworth Scale) and brain reorganization was assessed repeatedly during the study. After
one year, FMA, WMFT and Ashworth scores improved by a mean of 46.6%. The patient was able to extend his
fingers and to open his affected hand to grasp. He regularly walked distances over half mile and did not use the
wheelchair anymore. Analysis of spectral amplitudes in MEG data reflecting cortical activity revealed a significantly
stronger SMR-desychronization during motor imagery and motor execution on the affected hemisphere.

A multimodal neuroimaging approach based on fMRI and diffusion tensor imaging (DTI) was used to further examine
neuroplastic changes in parallel with the longitudinal clinical evaluation [27]. Psycho-physiological interaction (PPI)
analysis was used to assess functional connectivity and showed that activity of ipsilesional pre-motor cortex (PMC)
positively co- varied with ipsilesional primary and secondary sensorimotor areas across all measurements. Cortico-
spinal tract (CST) integrity was estimated based on DTI analysis and tractography showing a significant decrease of
detectable ipsilesional CST fibers by 98% in the anterior part of the posterior capsula interna, while leaving evidence
of most preserved fibers in the anterior part of the internal capsule. It was proposed that the anterior fibers of the CST
originating from anterior parts of the primary motor cortex (M1) or PMC might constitute the anatomical pre-requisite
for the observed clinical improvement. Analysis of fMRI data revealed increased activity in the ipsilesional dorsal
premotor region and supplementary motor areas at the end of the last BCI training block, and a significant increase in
fractional anisotropy (FA) reflecting white matter microstructure’s integrity in the affected CST. This proof-of-
principle study provided encouraging data that SMR-based BCI training coupled with goal-directed physiotherapy
might induce beneficial used-dependent plasticity in the perilesional areas facilitating motor recovery.

Another study by Ang and colleagues (2010) [105] compared two groups of sub-acute and chronic stroke patients (1-
35 months after stroke) with predominantly sub-cortical brain lesions (80%) who received either a standardized
(n=10) or BCI-driven (n=8) robotic rehabilitation, which was applied over 12 sessions within 4 weeks. During the
standardized robotic rehabilitation training the participant’s affected arm was strapped to a robotic device (MIT-
Manus). Participants were instructed to move their paretic hand according to a visually presented goal on a screen in
front of them. If the subject could not perform the movement on their own, the robot would assist and actively guide
the subject’s arm towards the goal. In the BCI group, assistive movements were only performed if SMR-ERD were
detectable over the affected hemisphere during the trial. Both groups were clinically evaluated using FMA before and
after the training. FMA scores ranged between 4 and 61 points (mean 29.7 +/- 17.7) before training onset.
Correcting for age and gender among the subjects with positive gain, the BCI group improved more and yielded
a higher gain 2-month post-rehabilitation compared to the group that received standardized robotic rehabilitation.
Besides limitations of this study due to the small sample size as well as heterogeneity of the groups regarding lesion
site, age and time after stroke, it provided supportive data on the potential benefit of BCI training in the context of
stroke rehabilitation.

A study performed by Daly et al. (2009) [29] combined an EEG-BCI training with FES of paralyzed finger muscles. A
43-yo 10-months post-stroke patient with a lesion affecting the left cortical and sub-cortical regions of the frontal
and parietal lobe underwent nine sessions of BCI-FES training within 3 weeks. During the training the patient had to
either imagine or attempt finger movements on the affected side in alternation with attempted relaxation. Before
the training, the patient could not actively extent the affected index finger. Sustained motor-related ERD was
translated in activation of the FES device. During the BCI sessions the patient achieved good BCI control (over 88%
in 8 of 9 sessions for attempted movement) and regained 26 degrees of volitional isolated index finger extension after
session nine.
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While all these reports are encouraging, larger controlled clinical studies are necessary to further evaluate the potential
role of non-invasive assistive and restorative BCI technology in the rehabilitation of stroke and neurotrauma.
Anatomical and functional pre-requisites for successful SMR-based BCI learning and mechanisms underlying clinical
improvements need to be identified and well characterized.

As some of the stroke patients did not gain SMR-based BCI control, strategies to improve BCI learning would be
of particular importance. In this context, techniques that can be used to modulate cortical plasticity such as transcranial
direct current stimulation (tDCS) or transcranial magnetic stimulation (TMS) could be helpful tools to develop better
BCI training protocols in patient groups.

1. IMPROVING BClI PERFORMANCE WITH BRAIN STIMULATION

It was shown that transcranial direct current stimulation (tDCS), a non-invasive and well- tolerated method based on
application of weak direct currents (e.g. ImA over 20 minutes) through saline-soaked sponges attached to the head, can
induce polarity specific changes of excitability in M1 [106] and, thus, enhance activity within M1. Further studies
suggested that tDCS over M1 could be used to improve motor learning and consolidation [107-109]. After stroke,
modulation of M1 excitability of the affected hemisphere by anodal tDCS was associated with motor function
improvements of the paretic hand [97,110]. A pilot study on combined tDCS and robot-assisted arm training by
Hesse et al. (2007) [97] indicated beneficial effects on motor function (assessed by FMA) and aphasia in several
participants.

Another non-invasive and well-established technique to modulate brain excitability is transcranial magnetic stimulation
(TMS). In TMS a magnetic field is used to induce a small electric current that can lead to depolarization of cortical
neurons. Depending on the intensity and frequency of stimulation, TMS can have lasting effects on the excitability of
the brain when delivered repetitively (rTMS). Also, Based on the finding that rTMS can elicit long lasting excitatory or
inhibitory effects, use of rTMS as a therapeutic tool in neurological and psychiatric disorders, such as depression [111],
chronic pain [112], epilepsy [113] or movement disorders [114] became investigated. In stroke, low-frequency
(inhibitory) rTMS was used to reduce cortical excitability in the unaffected primary motor cortex and resulted in
transient improvements of motor function [115-117]. Targeting the affected hemisphere of stroke patients with high-
frequency (excitatory) rTMS, motor function improvements were reported [118,119].

As SMR-related ERD can be interpreted as an electrophysiological correlate of cortical activation [120], anodal tDCS
or high-frequency rTMS applied to the affected motor cortex might be a useful tool to improve ERD-dependent BCI
performance in stroke patients and hence enhance practicability of assistive and restorative BCI systems.

V. PROSPECTS OF BCI APPLICATIONS IN STROKE AND NEUROTRAUMA

The development of assistive and restorative BCI technology for rehabilitation of stroke or neurotrauma is an exciting
emerging field that yields notable potential to improve quality of life for many affected people. So far, only few studies
on application of invasive or non- invasive BCI technology in patients with stroke or neurotrauma are available
[19,26,29,105]. Mechanisms underlying voluntary SMR-modulation for BCI control are not well understood. Optimal
settings and algorithms for BCI training protocols in patients with brain lesions are unknown. Therefore, studies based
on MEG recordings for BCI control are of particular importance as MEG allows precise and relatively artifact-free
post-hoc analysis of cortical activity patterns.

EEG-based BCI systems have the best potential for widespread clinical use. However, preparation time and sensitivity
to muscle artifacts limit their practicability. The development of dry-electrode-systems with portable amplifiers offers a
promising perspective. In this context the combination with FES systems and simultaneous electric brain stimulation
represents a propitious vista for both, assistive and restorative BCI systems. While costly at present, BCI systems based
on NIRS might become an attractive alternative to EEG.

Copyright to IJIRCCE WWW.ijircce.com 2019



l13TRCCE)

ISSN(Online): 2320-9801
ISSN (Print): 2320-9798

International Journal of Innovative Research in Computer
and Communication Engineering
(An 1SO 3297: 2007 Certified Organization)

Vol. 1, Issue 9, November 2013

New concepts for innovative BCI approaches based on measures that are currently too complex for  online
applications, such as dual-core beamforming [121] that allow identification of simultaneously active correlated
networks, might become feasible once required computational capacities are available.

More and larger clinical studies are needed to develop optimal protocols for both, assistive and restorative BCI
applications. Due to the heterogeneity of patient populations, multimodal approaches to evaluate subject specific
characteristics in terms of anatomy and function including e.g. fMRI, DTI, MEG and diagnostic TMS are an
important pre-requisite for a better understanding of BCI related neuroplasticity and might help to develop new
strategies for BCI use in neurorehabilitation.

V. CONCLUSION

Assistive and restorative BCI technology might be a powerful tool to improve rehabilitation strategies in patients with
brain lesions and severe motor paralysis, such as stroke or traumatic brain injury.
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