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ABSTRACT: Data mining is the useful tool to discovering the knowledge from large database. For this we require
proper classification methods & algorithms. In this paper, we are talking about the soil erection problem which can be
removed with the help of proper clustering. C MEAN algorithm is one of the best techniques we have ever seen in data
mining over a cluster but the problem with C MEAN is that, it lacks when you either use a very big data set or a small
dataset. Hence in our research work, we will be implementing the ID3 ALGORITHM and will the check the accuracy
terms with the C MEAN algorithm. Now our problem is to create a new group to check out whether the implemented
algorithms can make any change in the accuracy if we increase the privacy level or not. The result of research tells us
about the soil belongs to a fertilizing group.
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I. INTRODUCTION

Data mining is the extraction of hidden predictive information from large databases. It is a powerful new technology
with great potential to help companies focus on the most important information in their data warehouses. Data mining
tools predict future trends and behaviours, allowing businesses to make proactive, knowledge driven decisions. Three
of the major data Mining techniques are regression, classification and clustering. .But in this we are using classification
and clustering. The classification of the data is only possible if you have modified and identified the clusters. In the
presented research work, our aim is to find out the maximum number of clusters in a specified region by applying the
area searching algorithms. Classification is always based on two things, the area which you choose for the classification
that is the cluster region and the kind of dataset which you are going to apply on the selected region. To increase the
accuracy of the searching technique, any one would need to focus on two things whether the data set has been
clusterized in proper manner or not, if the clusters are defined, whether they fit into the appropriate classified area or
not. Clustering is the task of assigning a set of objects into groups (called clusters) so that the objects in the same
cluster are more similar (in some sense or another) to each other than to those in other clusters. Clustering is a main
task of

explorative data mining, and a common technique for statistical data analysis used in many fields, including machine
learning. pattern recognition, image analysis, information retrieval and bioinformatics ™.

Il. CLASSIFICATION ALGORITHMS
In this paper for classification we are using the two algorithms.
A. K mean Algorithm
In data mining, k-means clustering is a method of cluster analysis which aims to partition n observations into k clusters
in which each observation belongs to the cluster with the nearest mean. This result into a partitioning of the data space
into Verona cells .K-means (Macqueen, 1967) is one of the simplest unsupervised learning algorithms that solve the
well known clustering problem. The procedure follows a simple and easy way to classify a given data set through a
certain number of clusters (assume k clusters) fixed a priori . The main idea is to define k centroids, one for each
cluster. These centroids should be placed in a cunning way because of different location causes different result. So, the
better choice is to place them as much as possible far away from each other. The next step is to take each point
belonging to a given data set and associate it to the nearest centroid. When no point is pending, the first step is
completed and an early group age is done. At this point we need to recalculate k new centroids as bar centres of the
clusters resulting from the previous step. After we have these k new centroids, a new binding has to be done between
the same data set points and the nearest new centroid. A loop has been generated ©!. As a result of this loop we may
notice that the k centroids change their location step by step until no more changes are done. In other words centroids
do not move any more. The algorithm is composed of the following steps:
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1. Place K points into the space represented by the objects that are being clustered. These points represent initial group
centroids.

2. Assign each object to the group that has the closest centroid.

3. When all objects have been assigned, recalculate

the positions of the K centroids.

4. Repeat Steps 2 and 3 until the centroids no longer move. This produces a separation of the objects

into groups from which the metric to be minimized can be calculated. The problem is computationally difficult (NP-
hard), however there are efficient heuristic algorithms that are commonly employed that converge fast to a local
optimum. These are usually similar to the expectation maximization algorithm for mixtures of Gaussian distributions
via an iterative refinement approach employed by both algorithms 2.

B. ID3 Algorithm

The ID3 algorithm is used to build a decision tree, given a set of non-categorical attributes C1, C2, .., Cn, the
categorical attribute C, and a training set T of records.

Function ID3

(R: a set of non-categorical attributes,

C: the categorical attribute,

S: atraining set)

Returns a decision tree; begin

If S is empty, return a single node with value Failure;

If S consists of records all with the same value for the categorical attribute,

return a single node with that value ';

If R is empty, then return a single node with as value the most frequent of the values of the categorical attribute that are
found in records of S; [note that then there will be errors, that is, records that will be improperly classified];

Let D be the attribute with largest Gain(D,S) among attributes in R;

Let {dj| j=1,2, .., m} be the values of attribute D;

Let {Sj| j=1,2, .., m} be the subsets of S consisting respectively of records with value dj for attribute D;

Return a tree with root labeled D and arcs labeled d1, d2, .., dm going respectively to the trees ID3(R-{D}, C, S1),
ID3(R-{D}, C, S2), .., ID3(R-{D}, C, Sm);

End 1D3%;

I11. DATASETS

We are taking the binary dataset in this for soil erection problem from the repositories and apply it on the matlab. In the
matlab we implement different- different classification algorithms and predict a useful result that will be very helpful
for the new users and new researchers.

DATA SETS IN OUR CODE
File Edt Tet Go Cel Took Debug Desktop Window Help
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1 function [a,b,c,d]=datasetl()

2- |es[0l00101001001011110000000002101];
i- |F[00001010002100100100211121121211;
4- |es[1100001000111000000021000000111;
5- |d=[0000000110100101010000001010001;
6- “end

Figurel. Dataset used 1
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Fle Edt Tet Go Cel Took Debug Deskiop Window Help
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1 function [a,b,c,d]=datazet?()

2- |a=[11000010001110000000L2000000111);
J- |be[0000O0O001101001010100000010120001);
- fce[0100101001001011110000000001101);
5- (d=[000010100011001001001L21121112111);
G- “end

Figure2. Dataset used 2
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1 function [a,b,c,d]=dataset3()
2- Jes[1111111000000000000000001010¢0010);
J- |be[00O0C01010001200100100000000011010);
d- Jes[11111111111111111100000012010¢0010);
5- |a=s[000000011010010101000000Q12010¢0010);
6- ‘“end

Figure 3. Dataset used 3

IV. RESULT

The results show the concept of the multi grouping so that we can check on the things over the accuracy. Now for this
thing to be implemented, first of all we need random attributes. We have taken here 4 random attributes namely a, b, ¢

and d.

Privacy Preserving Data Miing Using Multi Group Randomized Response Techniques
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Figure 4. Output from Taken datasets.
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V. CONCLUSION
Applying data mining classification algorithms on the soil erection problem .We conclude that how the accuracy and
privacy effected on the different data sets using new group. In which we implemented the ID3 ALGORITHM and will
the check the accuracy terms with the C MEAN algorithm, if we increase the privacy level then accuracy decreases.
The results shows that soil is belonging to which group and the amount of nutrients present in the soil.
REFERENCES
[1]. A.K. Jain, M.N. Murty and P.J. Flynn,"Data Clustering" ACM Vol. 31, No. 3, (1999).
[2].  Anil K. Jain,"Data Clustering: 50 Years Beyond K-Means" ACM Vol 5,2007.
[3].  Andrew McCallumzy, Kamal Nigamy and Lyle H. Ungar,"Efficient Clustering of High Dimensional Data Sets with Application to Reference
Matching"Vol.6, 2007.
[4].  Business Development Services Approach,”International Development Enterprises India (IDEI)",2010.
[5]. B V Chowdary, Annapurna Gummadi, UNPG Raju, B Anuradha Ravindra Changala,"Decision Tree Induction Approach for Data
Classification Using Peano Count Trees" Volume 2, Issue 4,2012.
[6]. D. Foti, D. Lipari,C. Pizzuti and D. Talia,"Scalable Parallel Clustering for Data Mining on Multicomputers" Vol 5,2010.
[7].  Golait, Current Issues in Agriculture Credit in India,"An Assessment, Reserve Bank of India Occasional Papers" Vol. 28,2007.
[8].  Gopalan, Sivaselvan,"Data Mining Techniques and Trends"PHI Learning,2009.
[9].  Inderjit S. Dhillon1 and Dharmendra S. Modha2,"A Data-Clustering Algorithm On Distributed Memory Multiprocessors "Vol5,2010.
[10]. Jidong Wangl, Huajun Zengl, Zheng Chenl, Hongjun Lu2, Li Taol, Wei-Ying Mal,"ReCoM: Reinforcement Clustering of Multi-Type
Interrelated Data Objects"Vol 5,2011.
[11]. Ling Huang, Donghui,Yan and Nina Taft," Spectral Clustering with Perturbed Data"Vol 5,2011.
[12]. Nilima Patill, Rekha Lathi2,"Application of Data mining algorithms for Customer Classification"International Conference on Advances in

Computing and Management,2011.

Copyright to JIRSET wWww.ijirset.com 1760


http://www.ijirset.com/

